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Abstract: We consider the usual random allocation model of distinguishable particles into distinct
cells in the case when there are an even number of particles in each cell. For inhomogeneous
allocations, we study the numbers of particles in the first K cells. We prove that, under some
conditions, this K-dimensional random vector with centralised and normalised coordinates converges
in distribution to the K-dimensional standard Gaussian law. We obtain both local and integral
versions of this limit theorem. The above limit theorem implies a x? limit theorem which leads to
a x2-test. The parity bit method does not detect even numbers of errors in binary files; therefore,
our model can be applied to describe the distribution of errors in those files. For the homogeneous
allocation model, we obtain a limit theorem when both the number of particles and the number of
cells tend to infinity. In that case, we prove convergence to the finite dimensional distributions of the
Brownian bridge. This result also implies a y?-test. To handle the mathematical problem, we insert
our model into the framework of Kolchin’s generalized allocation scheme.

Keywords: random allocation; generalized allocation scheme; Poisson distribution; Gaussian distri-
bution; limit theorem; local limit theorem; Brownian bridge; )(z—test

MSC: 0C05; 60F05; 62G10

1. Introduction and Notation

In this paper, we study the usual random allocation model.
The random variables 71, . . ., §y represent a non-homogeneous allocation scheme of
n-distinguishable particles into N distinct cells if their joint distribution has the form

[
P{m =ky,....,yn =kn} = ﬁ(%)kl (92 ... (an)™, @)
1:K20 .. KN

where ki, ky, ..., ky are non-negative integers with k1 +kp + - +ky =n,91 + g2+ - - +
gy =1,0 < g; <1for1 <i < N. Here, g; is the probability that the particle is inserted
into the i cell, and the random variable #; is the number of particles in the i cell after
allocating n particles into the cells. When gy = o = -+ = gn = %, then scheme (1)
is called a homogeneous allocation scheme of # distinguishable particles into N distinct
cells. In [1], homogeneous and non-homogeneous allocation schemes of n distinguishable
particles into N distinct cells were considered.

Our goal is to study allocations with an even number of particles in each cell. Thus, let
Aj be the set of even non-negative integers, i.e.,, Ay = {2k: k =0,1,2,... };letyy,..., N be
the allocation scheme of 21 distinguishable particles into N different cells; and let 17{, el 17§\]
be the allocation scheme of 2n distinguishable particles into N different cells with an even
number of particles in each cell. Then, 17{, eeey 175\] has the distribution
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]P){T]i = 2k1,...,1’]§\] :2kN}
=P{m =2ky,...,nqn =2kn | 171 € A2,1<i <N}, )

where kq, ky, ..., kn are non-negative integer numbers, such that 2k; 4+ 2k; + - - - + 2ky =
2n.

To describe the results of the paper, we need the following notation. 4 denotes the
convergence in distribution. v, ;, i € N are independent, identically distributed Gaussian
random variables with mean 0 and variance 1.

In [2], it was proved that

1 — nqq MKk —NngK \ d
= (71, -+, 7K), 3
( Jid VT ) (Y1 -+ -0 7K) 3)

if K is a fixed number and N, n — co such that g; — 0, ng; = cofor1 <i < N.

The first aim of this paper is to obtain an analogue of the above result for an allocation
scheme of distinguishable particles into distinct cells having an even number of particles in
each cell. We shall prove that, under some conditions,

(171 — 201 75— 2ngs i — 2nq

d
i T T = (r,72, -+, TK)
q q q

as N, n — oo, see Theorems 2 and 3.

A well-known fact is that the polynomial distribution (1) is asymptotically normal,
when N is fixed and n — oo. This result serves as a basis of the proof that the limit of the
empirical process is the Brownian bridge, see [3]. In this paper, we shall study this problem
for allocations having an even number of particles in each cell. Here, we introduce the
following two random processes:

[N]
XounN(t) =Y mi, 0<t<1,
i=1

1

and

[tN]
Yaun (1) = V}(; mf—[tN]?S) - = (X -NF ), 0<t<1 @

Observe that Xy, 5(0) = 0 and Xy, n(1) = 2n, Yo, N(0) = Yo, N(1) = 0.

The Gaussian random process, Wy (t), 0 < t < 1, is called a Brownian bridge if its mean
value function is 0 and its correlation function is f(t1,t) = t1(1 —t),0 < t; <t, < 1.

For the homogeneous allocation scheme, we shall prove in Theorem 4 that the finite
dimensional distributions of Y5,  converge to the finite dimensional distributions of Wy, if
N,n — oo, such that ZW” — 00, see Theorem 4.

Both Theorems 3 and 4 imply x>-tests.

Our mathematical approach is based on the well-known notion of the generalized
allocation scheme introduced by V. E. Kolchin in [4]. Thus, we recall the definition of
the generalized allocation scheme. The random variables 71, . .., #7n obey the generalized
allocation scheme of n particles into N cells, if their joint distribution has the form

P{Tyl :klr--~/77N :kN} :]P){gl =k1,---,§N:kN ‘ Zf\iléi:n}’ (5)

for non-negative integer numbers k1, k, ..., ky, such that ky + ky + - - - + kyy = n and for
some independent non-negative integer valued random variables ¢1,¢», ..., ¢N-

The simplest particular case of the generalized allocation scheme is the usual allocation
of particles into cells. Thus, let 1,C>,...,¢n be independent Poisson random variables
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with parameters aqi, aqy, ..., aqy for some « > 0and YN, g; = 1, then the generalized
allocation scheme is a usual allocation scheme of n distinguishable particles into N different
cells. In other words, a generalized allocation scheme defined by independent Poisson
random variables &1, . .., {n with parameters ay, oy, . .. ay, is the usual allocation scheme
of n distinguishable particles into N different cells, such that q; = ZA?"’ ,1 <i<N. Thus,

=14

in a certain general sense, we can consider the value ¢; in Equation (5) as the number of
particles in the it cell.

In the original paper [4], Kolchin obtained the basic properties of the generalized
allocation scheme; moreover, he proved limit theorems for the number of cells containing
precisely r particles. In Equation (5), the distribution of the random variable ¢; can be
arbitrary. Fixing its distribution in various ways, several models of discrete probability
theory, such as random forests, random permutations, random allocations, and urn schemes
are obtained as particular cases of the generalized allocation scheme, see [5].

In our paper, we shall not use known limit theorems for the generalized allocation
scheme, we shall just use the representation (7), which is a certain consequence of the
generalized allocation scheme. To this end, we shall show that when there are an even
number of particles in each cell, then the usual allocation can be described by a generalized
allocation scheme in the following way. Let ch(t) = %, t € R be the hyperbolic
cosine function.

Theorem 1. Let 11, ..., 1N be a generalized allocation scheme of 2n particles into N cells defined
by Poisson independent random variables &1, . . ., &y with parameters By, ..., Bn. Then, n5, ..., 1
defined by (2) can be represented as a generalized allocation scheme of 2n particles into N cells
defined by the independent random variables &1, . . ., &, with distributions

TR _ -
P{Ei =24} = iy K= O L2 1SISN.

That is
/ / / / N o
P{i = 2ky,..., 5k = 2kn} = P{§1 =2ky,...,Eh = 2ky ’ YN & =2n } ®)
for non-negative integer numbers kq,ky, ..., ky, such thatky +ky + - -+ kny =n.

For identically distributed random variables ¢y, ..., ¢y, Theorem 1 was proved in [6].
One can prove Theorem 1 using similar elementary calculations as in the proof given in [6].
From Theorem 1 and (5), it follows that

P{L k116 = 21— 2k}
P{Zg\i1 Cz/' =2n}

_ K T P{Zil\iKHa:”*k}
—(EP{@—%J) P =] @)

where K < N, k = ky + ko + - - - + kg, and the independent random variables (7, ..., d};
have the distributions

K
P{ny = 2ky,...,nk = 2kg} = (HP{Q‘; = Zki}>
i=1

2%
B;

(2k)!ch(B:)’

Equation (7) plays a crucial role in our paper. The proof of Theorem 2 will be based on
approximations of the fractional and the multipliers in (7).

The structure of our paper is as follows: In Section 2, further notation is given and the
main results are presented. Theorem 2 is the integral version of the central limit theorem
for the allocation scheme, when each cell contains an even number of particles. Theorem 2

P{¢; =k} = k=01,2..., 1<i<N.
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is given in terms of the generalized allocation scheme, but the underlying distribution
is the Poisson distribution, so the result concerns the usual allocation scheme. However,
the general setting is important because in the proof, the general framework given in
Theorem 1, is used. Corollary 1 is the local version of Theorem 2. Theorem 3 is a version of
Theorem 2. For practical applications, Theorem 3 is more convenient than Theorem 2. Then,
we turn to the homogeneous case and present Theorem 4, which states the convergence
of the finite dimensional distributions to those of the Brownian bridge. In Section 3, two
X>-tests are proposed. The first one tests the probabilities 41, . . .,qy, when the sample
comes from the random allocation with an even number of particles in each cell. Then,
we give a proposal to apply the x?-test to check binary files with parity bits. The second
X>-test can be applied when we have observations only for the numbers of particles in
some unions of the cells. Examples 3 and 4 offer numerical evidence for our limit theorems.
In Section 4, some auxiliary results are given. In Section 5, the proofs of the main results
are presented. For the proofs, we use both known approximation theorems and direct
calculations.

We shall apply the following usual notation. R is the set of real numbers, N is the set
of positive integers, E stands for the expectation, and D? denotes the variance. o(1) is a
quantity converging to 0. f(x) = O(h(x)) if f(x)/h(x) is bounded as x — 0.

2. Main Results
First, we study the non-homogeneous allocation scheme. Consider the scheme (6)

and representation (7). Consider the generic random variable {*(B) with parameter g > 0,
having the distribution

" p*
P{¢ (ﬁ):k}:m, k=0,1,2.... 8)
Let
&1 =¢"(p1), & = ¢ (B2),---, N = T (BN) ©)
be independent random variables so that for any i, §; = ¢*(B;) has the distribution (8) with

parameter 8 = B;.
The expectation and the variance of {*(p) (see later in Equations (21) and (25)) are

-8
w*(B) =E(E(5) = Sen(p), o2() = 12" (p)) = fj(l * e e ﬁ)) (10)

where th(x) = £=< is the hyperbolic tangent function. Therefore, the expectation and

the variance of N
* *
SN = Zz’:l gi

are

(Bi)

In our main theorem, we will use the following condition: for some C > 0,

m3, = ES} —1%/3-&1( ), o = DSk —1%/3- 1+ —2 4 «h (11)
N N_Zi:1l Pidr o = N_4i:1l ch? ch(Bi) )

n — mjy maxq<; ;
I = my| <C, min B; — oo, and maxi<i<n fi

—0 12
ox 1<i<N YN B 12)

asn, N — oo.

Our first main results in this paper are the following theorems:
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Theorem 2. Let 1, ..., 1) be defined by (2), where 111, . ..,y are defined in (5), where &1, ..., N
are independent Poisson random variables with the parameters B1, ..., Bn. Let condition (12) be
valid. Then, we have

(H e, ) 4 g

as N,n — oo.
During the proof of Theorem 2, we shall obtain the following local limit theorem.

Corollary 1. Under the conditions of Theorem 2, if N,n — oo, then, we have

POy = 2y, ...,k = 2k) = (Hm( (W)))(Ho(l)) (13)

2k;—p;
i

uniformly for the values of k;, such that Cy; <
C; <Gy, 1 <i<K

< Gy, 1 < i < K, for any fixed numbers

In the following theorem, q1, 92, . . ., qn will denote a discrete probability distribution
depending on n and N.

Theorem 3. Let 171, ..., 1} be the usual allocation scheme of 2n distinguishable particles into N
different cells with even number of particles in each cell. Assume that the allocation probabilities are
91,92, - - -, N which depend on n and N. Suppose that, for some C > 0,

N
ﬁ; gie i < C, n 1n}1<nN g;i — oo and 11;:;);] gi — 0 (14)

as n, N — oco. Then, we have

<17{ —2nq1 15 — 2ngp zan> g

\/W 7 \/W 7" \/W _> 71/72/"'/71()

as N,n — oo.

Theorem 3 can be obtained from Theorem 2 if we use ; = 2ng;, 1 <i < N.

Now, we turn to the homogeneous allocation scheme; we assume that in (1), the
parameters g; are the same. If there are an even number of particles in each cell, then this
allocation is described by Equation (6), and because of homogeneity, the random variables
&, ..., ¢, are independent and identically distributed with distribution

o B _ .
P{Z) =2k} = (Zk)'h(ﬁ),k—o,l,z...,1§1§N, (15)

where > 0. From (6), it follows that
P{XonN(t1) = 2k1, XonN(t2) — XonN(t1) = 2ka}
P{EL ¢ =2k {Zz[tz[t wpa b =2 P{EN & =2k} (9
P{& +---+ &\ =2n} ’

where k1, ko, k3 are non-negative integer numbers, such that ky 4k + k3 = n. We shall
need this formula in the proof of our Theorem 4.
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Theorem 4. Let Y5,  be defined in (4). Assume that in (6), the random variables &}, . .., ¢} are
independent and identically distributed with distribution (15). Let N,n — oo, such that ZW” — 00.
Then, the finite dimensional distributions of Yo, N converge to the finite dimensional distributions
of the Brownian bridge Wj.

The idea of the proof for the particular case of two-dimensional distributions is the
following. Let 0 < t; < tp < 1. The vector of two increments of the Brownian bridge Wy

(Wo(t1) — Wo(0), Wo(ta) — Wo(t1)) = (Wo(t1), Wo(t2) — Wo(t1))
has the correlation matrix

_ ( h(l—t)  t(h—t) )
ti(th—t) (—t)(1—(t2—t1)) )

The determinant of ¥ is

(17)

=] =t (1= h) (- 0)(1 = (2 — 1)) = (1(t1 — 1))* = b1 (t2 — 1) (1 — £a)

1-(tr—t) : 1
-1 e 7
> :( fll( t2) 2 )
1—t, (ta—t1)(1—tp)

During the proof of Theorem 4, we shall show that the distribution of the vector
(Yun(t1) — Yun(0), Yun(t2) — Yun(t1)) converges to the two-dimensional Gaussian distri-
bution with a mean of 0 and covariance matrix .

and its inverse is

3. Applications of the Main Results for y2-Tests and Numerical Examples

Using our main results, we can construct some analogues of the well-known )(z—test.
The first one is a consequence of Theorem 3, so we assume the conditions of that theorem.

Theorem 5. Let 17}, ..., 1} be an allocation scheme of 2n distinguishable particles into N different
cells with an even number of particles in each cell. Assume that the allocation probabilities are
91,92, - - -, N which depend on n and N. Suppose that conditions (14) are valid. Then, we have

i (771/ _zn%‘)z i XZ(K)

= 2nqi
as N,n — oo, where x?(K) denotes the x*-distribution with degree of freedom K.

The proof of Theorem 5 is a simple application of Theorem 3 and the definition of the
x2-distribution.

Now, we turn to an application of the above Xz—test for a well-known method of
coding, i.e., the parity checking.

Example 1. We can apply our x*-test for testing a transmission channel for messages using parity
bits. The well-known parity bits are used for error detection. First, we briefly describe the usage
of parity bits in the case of the so-called even parity bit. Consider a binary message containing N
blocks. If a fixed block contains an odd number of bits having value 1, then we add a parity bit
having value 1. If the fixed block contains an even number of bits having value 1, then we set the
value of the parity bit to 0. Thus, in the final block, the number of bits having value 1 should be
always even. Sometimes this method is called control sum.

After transmission of the binary message through a noisy channel, one can check the parity
of each block. If the parity is odd, it shows an error. More precisely, the parity check shows an odd
number of errors. However, if a block contains an even number of errors, then this check does not
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show an error. We are interested in finding the error rate of a transmission channel, assuming that
the parity check does not show any error.

Our statistical model is as follows: Consider a file which contains N blocks. The m'" block,
1 <m <N, is a sequence iyiy ...1i;,, where ij = 1or ij =01<j<ly—1andi, =

(Z;fgl ij) (mod 2). i, represents the parity bit. An error in a block is a replacement of any

element iy, of the block to its opposite value, that is the true value 1 is replaced by 0, or the true value
0 is replaced by 1.

We consider the following statistical model for the errors. The file contains a binary message.
It is divided into N blocks. In each block, a parity bit is used. After the transmission of the file
throughout a channel, the parity check does not show any error.

To check the quality of the channel, we should obtain the original file and compare it with the
transmitted one to identify the errors. We can test the hypothesis Hy: q; is the probability that an
error occurs in the i block, where q; > 0, YN | q; = 1. E.g., we can test that the probability that
an error happens in the i" block is proportional to the length of the block by using

l; .
= 7N1 , 1<i<N.
Zkzl lk

The numbers of errors in the N blocks are 173, . .., iy, with the following properties:

qi

(1) The number of errors in the whole file is 2n (i.e., n} + - - - + 1y = 2n);

(2)  Errors can occur in the blocks independently and the probability that an error occurs in the i
block is q;;

(3)  The parity check does not find any block with error (that is each block has an even number
of errors).

Then, the numbers of errors 17y, . . ., iy, can be considered as the allocation of 2n distinguishable
particles into N different cells with an even number of particles in each cell.
We calculate the statistic < R
y (; —2nq;)
i 2ngi

from Theorem 5, and if its value is larger than a critical value, then we reject hypothesis H.

Now, we turn to an application of Theorem 4 to mathematical statistics. Our next example is
similar to Example 1. Consider again a binary file containing N blocks and any block that contains
a parity bit. Assume that the parity check does not show any error in the blocks. So, in any block,
there can be an even number of errors. We are not able to find the number of errors in the blocks, but
we can find the number of errors in m super blocks (i.e., in some unions of the original N blocks).
Using the following procedure, we can test either the sizes of the super blocks or when the super
block sizes are known; then, we can test if the errors are uniformly distributed among the original N
blocks. In the next example, we describe the statistical procedure in a general mathematical setting.

Example 2. Consider the homogeneous allocation model. Let 2kq,...,2ky be the numbers of
particles in the cells after allocating 2n distinguishable particles into N different cells having an
even number of particles in each cell. However, the numbers 2k, . ..,2ky are not known for us,
only the numbers of particles in some neighbouring cells are known.

Let t) =0 <ty <--- <ty =1, where each t; has the form k/N. So we suppose that the

N
numbers of particles in certain sets of the cells are known, more precisely n; = Z£ ! [t],];l NJ+1 2k;,
1 <j<m,areknown. Let ty =0 < t; < --- < t,, = 1 be some fixed known numbers, where

again each t; has the form of k/N. We will check the null hypothesis Ho : t; = t;, 1 <i < m,
against the alternative hypothesis Hy : t} # t; for some 1 < i < m.
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To this end, we propose the following x>-test. Let

m (n] — 2n4[th]7l\[;j*1N] )2

Zn(tj — tj—l)

=

be the test statistic.

Let 0 < a < 1. Choose the critical value x?, such that P{x*(m — 1) < x2} = 1 — a, where
X2(m — 1) is a random variable having x>-distribution with a degree of freedom of m — 1. The
hypothesis Hy is accepted if x3 < x2, and it is rejected if x3 > x2. By Theorem 4, if # — oo, then
the probability of the type I error converges to

P{x*(m—1) > x2} = a.

Above we used, besides Theorem 4, the following known fact from the statistical theory of
X>-tests. Iftg =0 < t; < -+ <ty = 1, then, for the increments of the Brownian bridge Wy, the

distribution of

o (Wolt)) — Wolti—1)®

]
]; ti—tji

is x>(m —1).

Example 3. We carried out computer experiments to show numerically the results of our theorems.
We simulated the allocations using random numbers. We considered a homogeneous allocation, that
is, when we allocate a particle, then we choose a cell uniformly at random from the N cells. We
allocated 2n = 1000 particles into N = 20 cells. We repeated this experiment several times and
we only saved those results when there was an even number of particles in each cell. So we saved
s = 200 times the results of the allocations. In this way, we obtained a sample of size s = 200 for our
N = 20-dimensional random vector 113, . .., . Then, we constructed histograms for the fist two
coordinates of the above-mentioned N = 20-dimensional sample. On the left-hand side of Figure 1,
the histogram of the observations of '7\1/7‘71 together with the standard normal probability density

function, are shown. On the right-hand side of Figure 1, the histogram for \/Lq and the standard

normal probability density function can be seen. The fit to the normal distribution seems to be very
1 —2nqy
TZL]]

and Wi/% is given. This figure supports the joint normality of the two coordinates.Therefore, we

good. On the left-hand side of Figure 2, the joint histogram of the sample for the variables ™

obtained numerical evidence for Theorems 2 and 3. Finally, we performed principal component
analysis for the observations of the vector

1y —2nq; NN — 214N

V2ngy T \/2ngn

The first 19 principal component variances were between 1.64 and 0.53, but the last one was
zero; this result supports the theory that the degree of freedom of the x*-statistic in Example 2 is
m—1.
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0.45 0.45
0.4 R 0.4 1 /\
0.35 0.35 f
03 03l
0.25 - 0.25 1
0.2 0.2 f /
0.15 - 0.15 1
0.1F 0.1Ff
0.05 - 0.05 1 %\
0 0 ‘
-4 3 0 1 2 3 4 4 3 2 -1 0 1 2 3 4

(a) (b)

Figure 1. The histograms of the first and the second coordinates in Example 3. (a) First coordinate;
(b) Second coordinate.

Example 4. We carried out the same computer experiment as in Example 3, but using other
parameters. We allocated 2n = 2000 particles into N = 10 cells. We saved s = 1000 times the
results of those allocations when there was an even number of particles in each cell. In this way, we
obtained a sample of size s = 1000 for the N = 10-dimensional random vector 1}, ..., 1. On the

left-hand side of Figure 3, the histogram of the observations of %, together with the standard
1

normal probability density function, are presented. On the right-hand side of Figure 3, the histogram

for B2M2 aud the standard normal probability density function are given. The fit to the normal

v/ 2nqs

distribution is again, very good. On the right-hand side of Figure 2, the joint histogram of the
71 —2n41 =212

V2 \/ 212

of the two coordinates. Therefore, we obtained another numerical confirmation for Theorems 2 and 3.
Then, we performed principal component analysis for the observations of the vector

and

sample for the variables is given. This figure also supports the joint normality

1y — 2nq; Ny — 219N

The first 9 principal component variances were between 1.17 and 0.87, but the last one was
zero. It supports that the degree of freedom of the x>-statistic in Example 2 is m — 1 and not m.

We mention that for relatively small values of 1, e.g., for 2n = 500 and N = 25, the
numerical results show a pure fit to the normal distribution. It is also worth mentioning
that we need a large sample size, i.e., s > 100, to numerically show the goodness of fit to
the normal distribution
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80 -

@ (b)

Figure 2. The joint histograms of the first two coordinates in Examples 3 and 4. (a) Histogram for
Example 3; (b) Histogram for Example 4.

0.45 0.45
0.4 r A 0.4r R

0.35 035
03 037
025 f 0251
0.2 0.2
015 015
01rf 01r
005 f 005f

0 ) 0 ‘

-4 3 2 1 0 1 2 3 4 4 3 2 1 0 1 2 3 4

(a) (b)

Figure 3. The histograms of the first and the second coordinates in Example 4. (a) First coordinate;
(b) Second coordinate.

4. Auxiliary Results

We shall use the following notation. Let 77() denote a Poisson random variable with
the parameter B, and let &’ (), where B > 0, be a random variable with the distribution

ﬁZk
P{¢'(B) =2k} = ———, k=0,1,2....

Recall that this distribution appears in Theorem 1. We see that the distribution of &*(8)
is the same as the distribution of ¢'(B) /2.

Lemma 1. Let C > 0 be fixed. Then, we have

(p(w)) (1+0(1) (18)

P{E'(B) = 2%} = %

2
V271
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as B — oo, uniformly for those values of k for which 2Bl < .

VB

Proof. We need the following approximation of the Poisson distribution by the normal
density function, see p. 43 of [7]. Let T have Poisson distribution P(t = k) = %e_)‘
k=0,1,2,... and letk = A + xv/A. Then, as A — oo,

o)

uniformly for x € [—c, c|, where c is an arbitrary fixed positive number.
Using the above approximation for P{7(B) = 2k}, we obtain

7

P(t=k) =

T = Plr(p) = 22

P{¢'(B) = 2k} =

(2Kk)teP 1(1+e72F) 1
N S O v Sy s o Lo
o2
L2 ([ (akpP
— 2nﬁ<e p( 2B ))(14—0(1))
as B — oo uniformly for k such that ‘Zk—\/*;' <C O
Lemma 2. For the moments of {*(B), we have
n'(§) = 5 (8) = Ben(p), o2(p) = 02" (p) = E1+0(1)),
2 \ 4 19)
E(Z"(B) —EZ"(B)* = 1¢B*(1+0(1))

as p — .

Proof. By simple calculation, one can obtain that the characteristic function of ¢*(p) is

_ ch(pe?)
Y0 =gy -

teR, (20)

where i = \/—1. Using the hyperbolic sine function sh(x) = ex’zefx, we can obtain the
derivatives of the characteristic function

sh(Be?) ii

0= "y P
npy — h(Be?) (pui\? L sh(ped) o (~1)
00 = bt (et ) + el pet U,

(ﬁegiy athiBe?) oy 1 chipet)

ch(B) TR OIART:
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sh(Be?) (i) g(—l) ch(pe?) ;o 41 sh(pe?) , x 1
i (Bh) BT T B Sy B

16
_ch(Be?) (, wi\*  _sh(Bef) 5 w1 _ch(Be?) 5 ;1 sh(Be?) i1
=2 (Bh3) e P e e P e St s

16
Therefore, we obtain

w*(B) = EE° (B) = ~ig/(0) = Ben(p). @
Moreover,
* 2 1 182 ﬁ
B (5) = —9"0) = &+ Penp), @
3
E(E(B)° = i¢"(0) = %th(ﬁ) + 28+ Emp), )
and . o ;

E(E(B)* = 9°(0) = 1B+ omn(p) + Zp2+ L) @)

From Equations (21)-(24), it follows that

o2(B) = D*(E"(B)) = E(5*(B))* — (EZ"(B))?

_B B B LB By B p._ef
= + th(ﬁ) (zth(5)> 74ch2(/3)+4 h(B) = 4<1+ch2(/5) ch(ﬁ)>' (25)

It implies that c*?(B) = g(l +0(1)). Then
E(&"(B) — EC*(B))*
= E(E(5))" — 4(E(E (B))°EE (B) + 6(E( (B))) (B (B))? — 3(EC”(5))'
3 3
= 1P+ Lounp) + 2+ anip) 4 Boan(p) + 56+ fenip) ) Euny
2 2 4
w65+ Bmip)) (Bmip)) —3(Smep)

= 2 ()~ 1) = 2 (g —1) - L () - 1) + L () - 1)

b ﬁi(&FW) )+{%+f2wﬂﬁ%—U- (26)

Since

BX(th!(B) —1) -0 and th(B) =1 as p— oo,
fork,l =1,2,3,4, we obtain

E((B) ~ EE*(B)* = o2+ 1b+0(1) = - F2(1 +0(1)).
Thus, (19) is proved. O

We shall use the following general Berry—Esseen-type inequality. We should mention
that in the following Lemma 3, there is no assumption on the distributions of the random
variables §;, 1 <1 < N.
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Lemma 3. Let §;, 1 <i < N, be independent random variables with variances 0’1-2 and expectations
m;,i=1,2,...,N. Let Sy = LN | &, and let d3, = YN | o7 be its variance and let py = LN | m;
be its expectation. Then, we have

IED{SN—VN <t}—d>(t)‘ SZC<2ﬁ1E(§i—mi)4>z. -

dy a5,

sup
teR

Here, @ is the standard normal distribution function and c is the constant from the Berry—
Esseen inequality.

Lemma 3 was proved in [2]. Now, we shall apply Lemma 3 to our model.

Lemma 4. Assume that for the random variables

81,82 1CN
from formula (9), condition (12) is valid. Then, for their standardized sum, we have

St —m¥E 4
N N
—_— .
ON

Proof. Using (19) for the right-hand side of (27), we obtain

3(ZN4(Bi)?) (1 +0(1)
(Zil\il 51‘)2

sup
teR

*

S* %
IP{NmN < t} —CD(t)‘ <2
N

<2 (3(maxl<i<N pi)(1+o0(1)) ) %. (28)

i Bi
Now, (28) implies Lemma 4. O

In the following lemma, we shall need the characteristic functions of the random
variables in (9). Thus, let

. it it
(t) B ch(ﬁjel%) B 6/3]’32 +e—/3je2
=g T e h

be the characteristic function of Z7, let cp;?(t) = cpj(t)e_itm*(ﬁf ) be the characteristic function

of the centralized version of C;-‘, 1 <j < N, and let ¢n(t) be the characteristic function of

. S%
the standardized sum %
N

Lemma 5. Assume that for the random variables

SRS RS

from formula (9), condition (12) is valid. Let C > 0. Then, we have

a2
onP{SNy =n} = \/;771 exp <_(n ZO'TZN) ) (14 0(1)), (29)
N

[n—my|
&3
N

<C.

uniformly for those n, such that
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Proof. We shall need the notation

*
n—m
z= N

*
N

Sy is an integer valued random variable, so its distribution can be expressed by the
following inverse Fourier transform

Pisi =)= o [ ek (i, (30)

where ¢, is the characteristic function of S},. However,

ok

0 ¢ itin?\] N ¢ itniyy
_ [ - c ot

R (g5) = o™ =TT (5 )e ™
N j=1 N

So, substituting x = t/oy; into the integral in (30), we obtain

oGP{Sy, =n} = i/W’*V e" N (t)dt = i/na’*V eif2ﬁ¢c<t>dt
AR 27 J—no, N 27 J—nor 1 \oN/

Let 0 < € < 1and B > 0. Using the characteristic function of the standard normal law,
we have, for any real z, that

ShS

L e 7 = €L /oo e*ixze*%dx
\/ 27T 277 J—o ’

So we can represent the difference of the two sides of (29) as the sum of four integrals

1 22
Ry = 27T(UK,P{S}“\, =n}— \/Ee 2 ) =h+hL+L+1, (31)
where . .
L= e 2 pn (x)dx —/ e %" T dx,
|x|<B |x|<B
) 2
I, = —/ e e 7 dx,
|x|>B
. N x
Iz = / e C() dx
> B<|x|<eoy; ]114)] N
and
Iy = / e M= C() dx.
* g0 <|x|<mo, <]-_1 (P] U'Zt]
Since ,
L= e ¥ (¢N(x) — e_x2> dx,
J|x|<B
from Lemma 4, it follows that
for all fixed B > 0.
Since R
|L| < / e” 7 dx,
|x|>B
we have

ILb -0 as B — oo. (33)
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Using formula (20) for the characteristic function of *(), we obtain

. N x
I </ o Xz C<> d
] < B<|x|<ec}; ]1:{4)] ox X
N . e N ope
B<|t|<eo}; =1 i

j= 1+e 140

We know that

cos(x)—1§—7+— v if [x] <1, e"—1<wxe", if x>0.

Therefore, we obtain that

NEN s _(vN 112 2
Heﬁ <cos 1) <e (21:1 ﬁ])244(7*2 <e 244(1120(1))
=1

as B < [t| < eoy, where we applied that ¢*?(8;) = %(1 +0(1)). Moreover,

| 2/5;‘(1*05(2;[’5)) 1 N 3 215]'( cos(% ))

< ex e 2
j=1 1+e 2P P ]; 14 e 2

2
< ex - E*Zﬁjm < ex 11 exp(—2minjgjcn Bj)t* _ ool
"\ Pl12 1 +o(1))

B < |t| < eoy,. Here, we used that e* > x + 1, the shape of ¢}; and condition (12).
Therefore, we obtain

Ll < o~ B2 (o) g < ~ 192 (140(1))
I3 dat e dt.
— JB<|t|<eny — JB<|t

Consequently,
|I3) =0 as B — oo. (34)

Now, we turn to I4. By (20), we have

i% i%
elB]e 2 + eiﬁ]e 2

K

eﬁ]cos( )+€ ﬁ]cos(§) _ eﬁ cos(e) +e ,B]cos() Ch(lB]'COS(S))

< =
- ePi +e —Bj - ePi +e —Bj Ch(ﬁj)
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for e < |x| < 7. Thus,
N/ ch(B;cos(e)) 1 4 ¢ 2Pjcos(e)
|I4] < 2moy — ) < 2n0 —(1—cos(e ))ﬁf% .
Ng ch(B;) NE 1+4e 2P
Since, by (12), minj<j<n Bj — oo; therefore, we have
1 +672ﬁjcos(£)
— =1
14e 2
as N — oo, uniformly for 1 <i < N. Consequently, there exists Ny € N, such that
ﬂ < e%(lfcos(e))ﬁj
—2B; ’
14e 4P
1 <j < N,N > Ny. Therefore,
N 1
|I4| < 270k He 7 (1=cos(e))B; < 27_[0 e —3(1—cos(e))ri? (1+0(1))
j=1
for N > Njy. Therefore, we obtain that
Iy — 0. (35)

Finally, using formulae (32), (33), (34), and (35) to approximate the left-hand side of

(31), we obtain (29). O

5. Proofs of the Main Theorems

Proof of Theorem 2. During the proof, we represent 11, 175, ..., i/, in the form of (7). First,
we prove a local version of our limit theorem. To this end, we study the case when the
standardized random variables are inside some bounded intervals. Therefore, we need the

following notation. Let Cy; < Cp;, 1 <1 < K. Let

k:Zki, C*=max{|C;j] : 1<j<K, i=12}.

il

Let
N 2 N 2
mg= Y, m*(B;) and o = Y (B
i=K+1 i=K+1

be the expectation and the variance of YN . 41¢;- By Lemma 1, we have

T2 =2 ﬁﬁ(p( W))(Ho(l)),

i=1 i=1

uniformly for k;, 1 <i < K, such that

Since

* *2 N ﬁi ,Bi eiﬁi
N2 > 02 = ' Z 4<1+ chz(ﬁi) - Chﬁi>

_l4o() ¥ 1+o _z{ilﬁl)
4 i:;rlﬁl <Zﬁ>< L Bi

(36)

(37)
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1+o0(1) (& K <k Bi
> :( ) (Zﬁz) (1 _ ma>l<\]1§1§1<,31> _ (1 +O(1))U’Zi]2,
i=1 Yis Bi
Therefore, we have
02 = (1+0(1)0f? and K =o(1)
N
Letk;, 1 < i < K, be such that Cy; < 2"% < Cyi for1 < i < K. Using (12) and the
above calculation, we have
—k—mt ki — .
4% o i=1 ‘TK

Therefore, by Lemma 5, we obtain

P G e = [CERGY)
{Z 15*—”} \/ijw ex p( (n— "Z]N) )(1+0(1))
(n_m*)z ( —k— *)2
—exp< 20;,2N . zaﬁmK >(1+o(1))
k— ¥ g% ok ik —m
Using (38), (37), and assumption (12), we obtain
(n—my +n—k—myg) (k— (my —my)) . K o (B:) |ki — m*(B)]
o =3 '<(2C+KC +0(1))i:21 = = (5)
< (2C + KC* +0(1))(C* +o(1) 2‘7*(51) o(1).

*
i-1 N
Using the above calculations, we have

P{Zz:;+l é‘gf‘:”ﬂ} gi =1+0(1). (39)
1

Now, using (36) and (39) in formula (7), we obtain

PO} = 2Ky, ... e = k) = (Hm(xp( “‘ﬁ)))(uo(l)) (40)

uniformly for k;, such that Cy; < 2kf7§ d

< (;, 1 <i < K. Thus, we obtained Corollary 1.

Now, we can apply the well-known method of obtaining the integral version of de
Moivre-Laplace theorem from its local version. Thus, using the notation t;
Aty =

2k;—pi
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Here, on the right-hand side, there is a member of the approximating sum of the
integral of the K dimensional standard normal probability density function; so, we obtain

K
P{Ci1 <n < Cip-..,Cx1 <7g < Cra} = [ [P{Cui < 7i < Cai}.
i=1
This implies Theorem 2. [

Now, we turn to the proof of Theorem 4. Thus, we consider the homogeneous allo-
cation scheme, and we assume that there are even numbers of particles in each cell. That
is why we consider Equation (6) with independent and identically distributed random
variables &1, ..., &}, with distribution

r_ ¥ B ‘
IP’{@—Zk}—W, k=0,1,2..., 1<i<N.

Gi(B) =227 (),
so
m(B) = E¢{(B) = 2EZ; (B), o*(B) =E(&i(B) —m(p))* = 40*(p) (42)
are the expectation and the variance of &(p). Let

SN = Zf\; gz/'

be the sum of our random variables. We need the following corollary of Lemma 5.

Corollary 2. Consider the homogeneous allocation scheme. Let B — oo. Then, we have

o2 (o (k= Nm(p)?
P{Sny =2k} = N () <e p< IN2(B) )(1 +o(1))) (43)
as N — oo uniformly for [E=NmiB)| C for any C > 0.

VNe(B)

Proof of Theorem 4. First, we give a detailed proof for the two-dimensional distributions;
then, we sketch the proof for the arbitrary finite dimensional distributions.

Let —o0 < bj; < bjp < 00,1 € {1,2}. Choose C > 0, such that —C < bj; < bjp < C,
i € {1,2}. Let B be such that 3 = m(B). From (42) and Lemma 2, it follows that

eﬁ — gfﬁ

Fref pth(B) (44)

m(p) = B

and
4

20 P
o2(B) = /3(1+ F o P +ﬁ(e5+e5)2>'

Since f(B) = th(p) = ig;i:g, B > 0is a bounded function, from (44) and from

condition ZW” — 00, we obtain that 8 — co. Therefore,

o*(B) = 2 (1+ (1))

as 3 — oo. Condition 3% — co implies that
e, oo, o o
[11N] ’ [(oN] — [11N] ’ N — [12N] '
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Consequently, from Corollary 2, it follows that

o= 2 (= Nm(p))
PiSy =2n} = V271No(B) eXp( g ) o) (45)
2
== _(140(1)),
a1 0(1)
. [2n—Nm(B)| o
uniformly for SN < C. Similarly,
2
2exp<— (Zk{[Nh]zm(ﬁ)) )
[Nti]o*(B)
P{s =2k} = 1+o0(1
{ [Nt1] 1} \/WU(,B) ( 0( ))
2k, —2n 1100) (46)
= T (14 0(1))
, 2k —2n 110
uniformly for < C,and
2
zexp(_(Zkéf([Ntz]*[Nh])f(ﬁ)) )
([Nt2] = [Nt])o* ()
P{Sint,1— =2k} = 1+0(1
-t = 22 = e ey
o [N)=[;N]\2 47)
<2k2 2 2NN )
ZeXp <_ 471()52715]) )
4rn(ty — ) (1+o(1))
. 2k, 202N 1N .
uniformly for RV Ty < C. Since
2—h
2k + 2k — 20580 TR 2k — 20— |2k, — 20 2RIl
4n(1—tp) “V1-f  Anh 1-t dn(ty—t)
so we have
P{SNf[Ntz] =2n— 2k1 - 2k2} = (48)
(2k1+2k2—2n%)2
28Xp<— (2”—(2k1+2k2)—(N—[NtZ])m(ﬁ))z) 2€Xp - dn(1—ty)
_ 2(N—[Nta])o*(B) (1+0(1)) = (1+0(1))
V27N — [NE])7(B) dmn(1—b)
, |2k —2n 110 | |2k —2n 2NN
uniformly for NI C, ) <C.

For short, let A = %, B= MN[“N} Using Equations (45)—(48) to approximate the
probabilities in (16), and applying the definition of X from (17), we obtain

P{Xonn(t1) = 2k1, Xoun(t2) — Xonn(t1) = 2ko}

~ P{Snyy) = 2k }P{Snt,) - (vey) = 2k P{SNn [ty = 21 — 21 — 2ko }
a HD{SN = 271}
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2 2
(2k1 —2n W) (Zkz ~2n W) (2k1 +2ky—2n [fZNN ] )
2exp I 7 P 2exp _W 2exp S —m

_ Vannt \amn(ta—ty) Vamn(1—ty)
2 (1+0(1))
2k —2nA)%(1—(ty—t 2ky—2nB)2)(1—t 2k1—2nA)(2ky—2nB
- St = - Mt = )
2m2n4/|1Z|(140(1))
Zkl ZTlA
, oo e (A ))aeo)
_ 2. V21 (49)
n 214/| 2]
2k —2n 10| |2k —2n 2NN —c

uniformly for

\/Zi’ltl < ! \/Zn(tzftl)
From (49) and (4), using the same argument as in the proof of the de Moivre-Laplace
theorem, we obtain

P{b11 < Youn(t1) < b1z, b1 < Youn(t2) — Youn(t1) < b2}

= ) P{XouN(t1) = 2k1, Xoun(t2) — XouN(t1) = 2k2}
by < 217208 < by,
b 2k2 —2nB
T by
2%k —2nA
1 2k1 2nA 2k2 —2nB 1 \/27;1
eXP( 2 TR - < 2k, —2nB ))
_ 2 ( van van ) Y
by < Za=2mA _p 27t,/|Z[(1+0(1))
1 \/271 12/
by < Lz\ﬁm < bxp

by b 1 Ly
b /b21 zn\/E (—Z(X,y)Z 1( y >)dxdy(1+o(1))
=P{by; < Wo(t1) < bra, b1 < Wo(t2) — Wo(t1) < ba}(1+0(1)).

Thus, the two-dimensional distributions of Y, 5 converge to the two-dimensional
distributions of Wj.

Now, we sketch the proof for the I-dimensional distributions. Let 0 < t; <t, < --- <
t; < 1. Then,

P{ XN (t1) = 2k1, Xonn(t2) — Xonn(t1) = 2ko, ..., Xon N (t) — Xon,N(ti—1) = 2k;}

_ PASive) = 2k P{S ey ) = 22} - PLS e veyy) = 2K PASN (e = 20— 2(ks + - -+ K) )

[P){SN = 21”1}
[tjN]=[t;_1N]
(2k on ['1N]> ) <2kj 2n ] > <2k1+ 2k —2n “’I\IJ\’])Z
2exp| ———g expl— Wt —1_1) 2exp wm(i-f)
IT
N \/47T1’Zt1 ]:2 \/47Tn(t]‘—f]‘,1) \/47'(1’!(171‘1)
- 2

Zi=(1+0(1))

- 2 1 —U(x)
= <¢271> (ZH)I/zmexp< 5 )(1+o(1)), (50)
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D! L

where t) = 0, t;,1 = 1, and the quadratic form U(x) has the following shape

2 2 2
_Y N, (adkeda)
U =gt T T by

Here, we used the notation

o [th]_]\[]t/'—lN]

V?2n ’

Now, by some algebra, we see that

x]-: b]':tj—t]'_l, ]:1,2,,1 (51)

B 25‘:1 (sz(l — Yz bi) Tz bi) + Yigj xix; [Ty by

u
) (1= Xl b) TT—; br

We need the | x [-type matrix

(1=X, 1 b)TT—y br

bi(1—b)  —bby  —bibs ... —bib
—boby by (1—by) —bobs ... —bob
D= ) . . ,
—byby —biby  —bibs ... b(1—1b)
and its inverse
(1= Xrz1 br) Il by I, br b .. IT,—1 by
I br (1= Y2 b)) L2 br Ihybr ... IT,—1 by
[T br [T br oyt oo (1= Youb) Tl br

We can see that we obtain the covariance matrix of the increments

(Wo(t1) — Wo(0), Wo(t2) — Wo(t1),..., Wo(t;) — Wo(ti—1))

of the Brownian bridge W, if we insert bj =ti—ti1,j=12.. ., 1, into the matrix
D. Denote this matrix by ¥ (for any fixed value of I). The determinant of D is (1 —
er:l by) le:1 by, so the determinant of X is I—[lrj (ty — t,_1). We can also check that the
matrix of the quadratic form U(x) is D~

So, by using the above considerations, Equation (50) gives

P{XonN(t1) = 2k1, XonN(t2) — Xonn(t1) = 2ko, ..., Xon N (t1) — Xoun(t—1) = 2k; }

2\ 1 —x'x1x (52)
N <\/271> (27‘[)’/2\/detZEXp< 2 >(1+°(1))’

where

X = (xl,xz,...,xl)T

and x; is defined in (51). It implies that the finite dimensional distributions of Yz, n

converge to the finite dimensional distributions of Wy. O

Remark 1. Relation (52) is a local limit theorem for the random allocation.

6. Discussion

The random allocation of particles into cells is a well-known model in probability
theory. There are limit theorems when either the number of particles or the number of
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cells or both of them tend to infinity, see [1]. The errors in the blocks of a binary file can
be modelled as a random allocation. However, if the parity bits are used, then any odd
number of errors in the blocks is always detected, but an even number of errors is never
detected.

Therefore, describing the behaviour of the allocation model is an interesting problem
when there is an even number of particles in each cell.

In this paper, we consider the numbers of particles in cells when we allocate 2n
distinguishable particles into N distinct cells having an even number of particles in each
cell. For the non-homogeneous case, we study the numbers of particles in the first K cells.
We were able to prove the asymptotic normality of this K-dimensional random vector
when 11, N — co. For the homogeneous allocation model, we proved a limit theorem to
the finite dimensional distributions of the Brownian bridge, if 1, N — co. To handle the
mathematical problem, we inserted our model into the framework of Kolchin’s generalized
allocation scheme. Using the above limit theorems, we obtained two x?-tests. As the parity
bit method does not detect any even number of errors in the blocks of a binary file, we
suggest applying our model to study the distribution of errors in that file.
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